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= Customizable Video Anomaly Detection (C-VAD)
. a zero-shot, text-driven VAD technique

. L . Performance Comparison Qualitative Evaluation VAD in complex scenarios
v User-defined text descriptions specify abnormal events;
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standing still, so the score is 0.1. engaged in skateboarding activities,

Position Context emphasizes important spatial regions, while Temporal Context represents scene changes over time R e L S RS B S s

Proposed: The image includes a man who appears to be walking while slightly drunk, so the score would be 0.8.
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