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MOTIVATION

Video Anomaly Detection (VAD) models typically 

learn normal patterns under specific scenarios, 

limiting generalization to diverse environments

Adapting to new scenarios requires retraining or 

separate models

→ increased computational cost and data collection

CONTRIBUTIONS

▪ Customizable Video Anomaly Detection (C-VAD)

: a zero-shot, text-driven VAD technique

✓ User-defined text descriptions specify abnormal events; 

frames containing the described events are detected

Propose C-VAD for anomaly detection across diverse 

environments

Develop AnyAnomaly, a context-aware VQA model for 

C-VAD

Construct C-VAD datasets for rigorous evaluation and 

validate the effectiveness of the proposed method

METHODS

Baseline: perform frame-level VQA using an LVLM to estimate an anomaly score (return a value between 0 (no) and 1 (yes))

(latency issue, limit object-level analysis and temporal reasoning)

AnyAnomaly

EXPERIMENTS

Method Overview

Performance Comparison Qualitative Evaluation VAD in complex scenarios

Key frames Selection Module: selects representative frames from a video segment by considering 

temporal uniformity and alignment with the text query

WinCLIP-based Attention: captures important spatial regions using multi-scale window embedding

Grid Image Generation: combines windows from the same spatial locations to form grid image

Segment-level approach: select key frames and perform VQA per segment

Context-aware VQA: perform VQA using additional contexts that represent the frames

Position Context emphasizes important spatial regions, while Temporal Context represents scene changes over time

What if we could detect anomalies dynamically 

using user-defined events,

instead of relying on static normal patterns?

Anomaly Scoring
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